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Automatic Composition using Markov Random Fields
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In this paper, we propose an automatic composition method for polyphony music using Markov random fields.
Given pieces of music by a composer. we learn the characteristics of the pieces in the form of feature functions
and their weights for Markov random fields. Then, a new piece is automatically composed by obtaining a sample

with high probability for the random field using a Monte Carlo method.
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2.2 WHEERBORHR
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2 RFRBER Q BT HEHT (4, 5) € Q OTNTITHEE R 2., HADETENTVBEE, x = {2,,](i,5) €
Q) EHEHEER. ZOEE, px) =Y, p(z) = 1.0 THS.

x = {2, } REEZMOKEENB D, Q TEESNEESR (V]G 7) € 9} WL TAFONL a7 e
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£ 1 CHMERORETRT. 11BN AGESOHE L) £, 2 FIEASER1..12 2, 3FIESRE {1,2,3) &
HLTVD. 7z, U LOBMIT, BROBENSHRENIBMERL TS

o (A)IZCV (W 8) NHHB (RIE2) THD &1 SR
o (B)W “T 7> & 57 DREBICHZBIT <7 AHD &S B
o (O) U “3” OB THED &V SBY

- 8 2 - 6 - 5 2
(A) B)[0 10 2 @1 o0 3
1 8 2
K1 HEEKOH
—152—

NI | -El ectronic Library Service



I nformation Processing Society of Japan

224 F¥TANH
ESRBBEE fi CTNTNES M DEVETONTNDEE, RESEHBEREESOMOMERT Vvl &
TAHOFTARMHORTHEDT ZEMNTE B,

12 K

ZZ kfk nzt: zt) (4)

{m 1,12,15 .-y N12, T}

=

E

I
*UNI“
5 uMﬂ

1] u

TIT, Zp SERMCERTUFOB LS.

—
&

K v
Z)\kfk(n,Ni,t) ) (5)

1 k=1

T
exp Z

t=1 1

n
M

Bl
]
-

225 WEEBOPE

nZE¥EEF—FEL, BEHOLE PERORESTILORKMES D, filk =1 <k < K} #EE70. L
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CTT, Ziy RERLERTUROB LS.
3 K
Zig=) exp Y Mfi(n, Niy). (8)
n=1 k=1

23 FEER
R CRNZRIR D 7 )V T U XL & AVRBERRT VT ) XLOBRBEEUTO 4 DOAF v T 5725,

L. BBORROBHE &2 2 BMIHBESEERT 5.

2. R L ZZBRAREOTNZTNOMBRELULED S 1 > (HBEULEORER) 25tHE T 5.
3. ROEVAEROBRMIHHERRL, BUES F Mz s,

4. FILLEHESTOREAEBHET 5.

UEON—TZ2EBORBE K BETRHEBDIETHI I E THMES F 2852 ENNTES.

—153—

NI | -El ectronic Library Service



I nformation Processing Society of Japan

231 RAEFHHESOER
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o Qutput:
BYEEF =1, .., Ik
BRBOEIES A= No,..., Ak
o Algorithm:
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