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Analysis of Doctor’s Utterance for
Problem Oriented Medical Record Generating Method using Voice Input
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Abstract—QOur  research  group has been
developing a system which classifies and records
doctors’ utterances automatically. The utterances
are classified into eight groups (Subject, Object,
Assessment, Plan, Treatment, Effect, System, and
Other) based on POMR concept. For the first step
to develop the system, utterances which were
collected from medical dramas were manually
classified and the linguistic features of each
category were analyzed. Seven types of word
clusters which were effective to reduce dimension
of feature vector were found.
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