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Summarizing the Results of a Keyword Search on Tweets with Web-Images
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Abstract— Recently, more and more people post
tweets with Web-image links in order to spread
various types of applications cooperated with
camera on Twitter site. In the last few years,
detecting extracting useful knowledge in a set of
tweets with Web-image links has attracted much
attention of researchers, because it contributes to
marketing, tourism informatics, and
recommendation systems. The main objective of
this study is to develop a novel summarization
method for keyword search on tweets with
Web-Image links. A huge number of results are
returned from a keyword search on tweets with
Web-Image links. It is difficult for user to
understand the results of the keyword search.
Although, there are many conventional
summarization techniques for text data, the
conventional summarization techniques cannot
make summary that take account time changes.
To overcome this difficultly, we propose a novel
summarization method for keyword search on
tweets with Web-Image links wusing the
clustering-based burst detection algorithm. The
experimental results show that the proposed
method can extract summaries that are included
the bursts of topics and events taking account time
changes.
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