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Discriminative Models for Time Series Data with Hierarchical Structure
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), SVMHEEMM: 13 ¢ = 100, SVMHEHEMMx*g (3
C =1000 TH 5.
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a=1| 267 28.1 29.0 28.8
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C =1000 TH 5.
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C for SVMHHMMq 45 100 and C for
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Table 4 Accuracy rate for real data (%). N
for Protein-Protein*1 is 1500 and N
for Protein-Protein*2 is 5270.

HHMM | HHCRF | SVMHPHMM
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Gene-Disorder 74.9 78.9 80.5
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